Design of Experiments (DoE)

A DoE is a multiple variable statistical method used

to characterise and optimise systems quickly and efficiently. It has
many advantages over one factor at a time approaches (OFAT).
However, executed manually DoE methods can be time
consuming and error prone.
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DoE methods have also been shown to
global optimal conditions where OFAT might miss.
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State-of-the-art automated optimisation platform with applications in automated DoE, synthetic DNA optimisations, small
molecule optimisation, AQbD and high-throughput screening.

Ratios and Proteomics

Optimal plasmid ratios for HEK293T titre
may not represent the optimal ratios for
target cell transductions, in this case
primary T cell transductions.
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DoE parsed into Synthace Cloud
platform software and executed using a
Hamilton STARLet liquid handler.
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to describe general trends.
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Proteomic analysis
further characterised
the system of interest.
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Conclusions

Enhanced High Throughput Optimisations
4000+ Runs (Flasks / Wells)
100+ Input Variables
10+ Response Variables
Model responses as functions of other
responses

Model Scale and Transgene Properties
. Multi Scale Systems
. Multi Transgene Optimisations

Flexibility
. Ability to characterise and optimise
other measurable biological systems

Time and Reproducibility

. Reduction in wet lab work as well as
analysis by over 80%
Highly reproducible assays

Data Analysis

. State of the art linear and non-linear
modelling
Clear explanations and conclusions
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